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Our
We started in the computer science department at Stanford,

and soon after, we established our home base in Seattle.
Now we are rapidly expanding all over the globe.
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What is analytics?

Analytics is
the measurement of movement

toward your business goals ‘ I‘
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Lots of challenges

Big data

Diverse sources

Rapidly changing tools

Subtle differences in need amongst the team
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Just get started.
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We're not the only ones who are overwhelmed
Everyone is trying to make sense of the data deluge (“big data”)

Data Volume | Data Diversity
40 Exabytes in 2020 ——

200 200N 0N 206 2018 7 2020

Source: IDC 2012



Best in class “data-driven marketers” Typical Marketing Objectives

I. 10% improvement in marketing driven sales (versus |.1% average) I. Identify new areas to grow awareness/leads and revenue

2. 10% increase in customer retention 2. Gain actionable insights to drive conversion
(versus 2.1 average and -3.2% for laggards)
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Best in class “data-driven marketers”’

I. 10% improvement in marketing driven sales (versus |.1% average) l.
2. 10% increase in customer retention
(versus 2.1 average and -3.2% for laggards)

Typical Marketing Objectives
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2. Gain actionable insights to drive conversion
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Best in class “data-driven marketers”’

I. 10% improvement in marketing driven sales (versus |.1% average) l.

2. 10% increase in customer retention
(versus 2.1 average and -3.2% for laggards)

Typical Marketing Objectives

Identify new areas to grow awareness/leads and revenue
2. Gain actionable insights to drive conversion

Opinion-Based

* Lost time and speed
* Costly decisions 8%
* Lost opportunity
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Best in class “data-driven marketers” Typical Marketing Objectives

I. 10% improvement in marketing driven sales (versus |.1% average) I. Identify new areas to grow awareness/leads and revenue

2. 10% increase in customer retention 2. Gain actionable insights to drive conversion
(versus 2.1 average and -3.2% for laggards)

Conventional/Norm Self-Reliant
Opinion-Based >- Data-Driven
Want Want Can
* Lost time and speed Can l 80% * Increase marketing driven revenue 10%
* Costly decisions 8% People * Increase customer retention 10%

* Lost opportunity * Be data driven and more effective
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Next Steps
* Drill into specific problems
l * Try the “self-reliant” experience
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Advice #3: Be visual.
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Froduct

Morth America
Europe

Asia

Latin America
Grand Total

Jan
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Froduct

Morth America

Europe

Asia

Latin America
Grand Total

Sales Dollars

3,500

3,000

2,500

2,000

$1.500

1,000

E500

0

Jan Feb Mar Apr May Jun
1,983 2343 2,593 2,283 2,574 2,838
1,388 1,640 1,297 1,142 1,287 1,887

5745 G306 G723 5483 G44 G7a

2838 191 337 178 253 272
4,234 4,810 4,899 4,195 4763 5775

— .
Feb Mar Apr May Jun

Jan

Jul Allg Sep Ot Moy Dec
2,382 2,634 21938 2,739 21983 3,493
1,191 1317 1,469 1,370 1,780 2445

593 124 5449 ha3 6oz Gan

534 430 4649 4749 h83 hh4
4,700 4570 5475 5171 5,858 7,182
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Advice #4: Keep it simple.

Everything should be made as simple as possible,
but not simpler.

Albert Einstein

Simple is hard.

Pat Hanrahan



Keep it simple

... o eye candy

... less flash

...no gadgets



Simple means...

“...easily done or understood.”

Percent of Total Sales
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Simple is... not 3D
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Half the battle is the analysis.

The other half?
The story.




Advice #5:Tell a story.

Storytelling is the most powerful way

to put ideas into the world today.
Robert McKee
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How do stories help us!?



DIAGRAM er rue CAUSES or MORTALITY
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The Areas of the blue; red, & black wedges are eack measured. from
the cenire as the conmaon vertew.

The blue wedges measured from the cenire of the curcle represent area
for area the deaths from-FPreveniible or Milryable Zymotie diseases, the
red wedges ) @ e the deaths B ds, &ihe
black wedges measured. [rom. the cenire the deaths from all other causes.

The black tne acrass the ved triangle in Nov! 1854 maris the boundary
of the deaths Trom all other causes during the monil.

L October 1854, & April 1655, the black area coincidss unth the red,
January & February /859, the blue coincides wiih the black:

The entire areas may be compared by following the blue. the red & the
black lines enclosing them-.
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Blog / Mapping UK Airspace

ey
GLOBAL MOVEMBER GROWTH

visualisation knowing somebody who has some fun geo-data leads to some Scratch the 'tache for
Knowing somebody who works for the popular European airline Easyjet leaq Fintev Mw%zu@om 4 'n‘lau&fachu%'ug,

all the possibilities.

In one of our more recent discussions Paul Chapman told me:

Canada

"Britain has the most crowded airspace in Europe. In July there are typicall
European airspace with one in four of these flying over the UK. The total dif
aircraft is 25 million nautical miles, enough to go to the moon and back 104
998 times. The company NATS are constantly working with airports and air]|
SIDs (Standard Arrival Routes, Standard Instrument Departures) to improv|
manage the noise and pollution implications over the UK. There is currently|
different departure routing and EasyJet have recently changed their depart
avoid overflying local villages.”

Norway first joined the Movember movementin 2011 _

Since then a total of 3,825 Mo's have been grown _

raising $1,559,200 for Mens Health -1

;‘q 4 ; Ireland l
> ' . Finland I

So this leads to the immediate question, just how bad is air traffic around 3|

other regions in the UK? Is it possible to map routes and count flights per | < Wi Seataid I
This is where Paul’s friends at PlaneFinder.net and my developing Alteryx s ; Denmml
guys at PlaneFinder who track the location of flights around the world gave
server was setup to grab the API data every minute and then gectag each . -
over the UK. The data is then brought into Tableau and the results can be s Mm ‘ O\ lNFu DATA DLUE
screenshot to explore the viz: ' Neth
- - - N
15 . Italia numero uno in Europa per la qualita del
1 cibo. Emilia-Romagna e Veneto regine del
Do
86! p
53854 S scritto da Luca Tremolada il 18 Settembre 2014
134171 172.566 “ar%
450 9315 5550355/"7 140% 29%
* 10 1T e CRONACA f 8 W in =&
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Portogalio
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o Clicca per il grafico interattivo
mshae ] ¥ 50 00 & + Dowrioas
“e+obleour
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So what did I find out? Well it turns out my hometown of York is underneath the quietest skies in the
UK, you could call it the eye of the storm. It's no surprise that the local authorities in the south of
England which contain Heathrow, Stanstead, Luton and Gatwick are the busiest but the areas to the
North West of London are also very crowded thanks to the flight corridor to these airports and to the
rest of Europe. Dataviz: Andrea Gianotri con Tableau Software
L'Tralia si conferma il primo Paese per numero di riconoscimenti Dop, Igp e Stg
conferiti dall'Unione europea (Ue). I prodotri agroalimentari di qualita
riconosciuti al 31 dicembre 2013 sono 261 (13 in piu rispetto al 2012); di questi,
252 risultano attivi. Lo rileva I'Istat nel suo ultimo report sul mercato
agroalimentare. I settori con il maggior numero di riconoscimenti sono gli
ortofrutticoli e cereali (101 prodorti), i formaggi (47), gli oli extravergine di oliva
(43) e le preparazioni di carni (37). Le carni fresche e gli altri settori




What Is a data sory?



A ged data gory Is like any other story

1. There are characters

2. There isa challenge . Resolution
- e . Black Moment

3. There is insght/resolution i -

4. There isan arc

Obstacle 3
Change/Growth

Obstacle 2~

Obstacle 1~

Problem



®Whootsuite




Bes practices for creating

dories with data



Use familiar elements, like maps,

to orient readers

The story of the Scottish Referendum - 2014

Do socio-economic
indicators correlate
with the results?

A close result in the

Will the activity on

Scotland went to the

end, but interesting to
see the region split

Social Media give us
some insights?

polls on 18/Sep/2014

to decide its future

Scottish Referendum - Results by Region
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See more by this author
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Share your perspective


https://public.tableausoftware.com/profile/siraj.alimohamed#!/vizhome/ScottishReferendum/ScottishReferendum

Use familiar elements, like maps,
to orient readers

Scotland went to the Will the activity on A close result in the Do socio-economic
polls on 18/Sep/2014 Social Media give us end, but interesting to  indicators correlate
to decide its future some insights? see the region split with the results?
11K
#oteYes
10K Twitter Activity
9K
This graph shows a running total of the number of
g weets where people have mentioned VoteYes or
VoteMo in the week running up to the poll.
7K~ The activity by the Yes campaigners has been
. significantly higher on social media. Now that we
% gk know the result, does the social media trend
£ mean that everybody took for granted that the
= - BetterTogether campaign would win anyway, and
-"g’ that there was no need for further campaigning?
=
4K
3K
2K oteMo
1K
EIK -

Sep 1 Sep 12 Sep 13 Sep 14 Sep 15 Sep 16 Sep 17 Sep 18 Sep 19 Sep 20

THOROGOOD Powered by: 3]:', | ,‘!'.SFT Visualization created on Tableau Public by Siraj Alimohamed ({@sirajma)



Use familiar elements, like maps,
to orient readers

Tableau Website - Kev Metrics and Statistics

Where do people visit our site from? - Visitors Last Week

Amurca

Are people downloading the product? - Download Funnel

2014
20K
E 15K
-
5
=
]
5
E 10K
H
(=]
= —_—
5
2
5K
0K
< « o
©) ™ ™
b = =
: ] i
ki 3
= =

Visit a Product Page
[l Download a Product

Aggregate Downloads

5.00%

4.00%

3.00%

2.00%

Percent of Visitors Reaching Goal

1.00%

0.00%

Top Referrering Websites Last Week
google
(direct)
search
content
bing
lanacion.com.ar
t.co
tableau.com
auth.tableausoftware.c..
nameberry.com
linkedin.com
facebook.com
AdRoll
Twitter
baidu
yahoo
wpcomwidgets.com
Facebook Exchange
reddit.com
tableausoftware.com
indeed.com
m.radio-canada.ca
Baidu

0K 200K

400K 600K

800K

1000K 1200K 1400K 1600K 1800K
Visits &

How many find us through search? - Total Organic

¥

200K

150K

Visits

100K

50K

0K

Week 29

Week 27
Week 30
Week 31
Week 32

2014

Week 33

What screen size? Mobile? - Screen Resolution/Mobile last week

1366x768 | 19.09%
1920x1080 | 13.84%
1024x768 1.91%
1600x900 | 7.39%
1440x900 7.05% Mobile?
1280x1024 6.33% Yes
1680x1050 5.21% 214,659
1280x300 | 5.05%
1920x1200 171350%
768x1024 No
320x568 | 1,664,802
2560x1440
0K 50K 100K 150K 200K 250K 300K 350K
Visits &
What 05?7 - Operating System Last Week
Windows 76.99%
Macintosh [N 11-32%
i0s [ 6.65%
Android [l 3.58%
Linux ] 0.96%
Other OS | 0.48%
Series40 0.01%
0K 200K 400K 600K  B0OK  1000K  1200K 1400K  1600K
Visits &
Where do visitors come from? - Traffic Source Over Time
500K
50%
400K
Referral
40%
300K QOrganic ¥
2 0% =
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s =
200K Paid E
20% °
100K .
Content Social
0K ~w b
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Week 27
Week 28




.even if your maps aren’t always maps.

f"ﬁ;\é % 1CC WORLD l;rl‘ HIVE ANA'AYSIS

J TWENTY20
S

Runs Select Innings:

Select Bats...

LEG-SIDE OFF-SIDE

Select Bowler:

symvyze analytics

orld T20 Final
India 130/4 (20/20 ov.)

Sri Lanka 134/4 (17.5/20 ov.) 6th Apr_il, 2014 (n_ight mz_;tch)
Sri Lanka won by 6 wickets (with 13 balls remaining) Played at Shere Bangla National Stadium, Mirpu




London Underground Station Opening Dates
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Time Is 6
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A map of station ages
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http://public.tableausoftware.com/views/LondonUnderground_processed_data/Timeline?:embed=y&:display_count=no&:showVizHome=no

Pictures make
characters
redl

EL RANKING ATP CUMPLE 40 ANOS

Aqui estan, estos son los 25 nimeros 1 que tuvo el clasico listado de la Asociacion de Tenistas Profesionales.

Roger Federer

Pete Sampras

Ivan Lendl

Jimmy Connors

John McEnroe

> Filtre por nombre
(All)

Fecha de inicio

23 de agosto de 1973

3 de junio de 1974

29 de julio de 1974

23 de agosto de 1977

> Por pais
B (All)

Jugador

llie Nastase
John Newcombe
Jimmy Connors

Bjorn Borg

> Por ano

|) 23/08/2013

v 23/08/1973 [}

Pais

Rumania
Australia
Estados Unidos

Suecia

Semanas
consecutivas

40
8
160
1

Semanas
acumuladas

40
8
160
1



Should you give your kids access to Spotify?

2. In December 2013 3. The impact has
two things been immediate. >
happened...

Cumulative listens to tunes over time
(hover or click a mark for details)

500
Select a time period
450 May 2011 Movernber 201
400
Ok. so 1 listened to a lot of

350 QlEEn
= 300
=
E .
B 250 By June 17, 2013 I had listened to Pink Floyd 223 times.
E
S

200

150+

100

50+

Oct 10, 11 Aprg 12 Oct 8,12 Apr8 13 Dct7,13
Week of Time




Should you give your kids access to Spotify?

l |$ 1. Atone time my 2. In December 2013
{  listening habits were two things

interactivity to

3. The impact has
been immediate.

...we went to see Frozen and | let my

eXp()% deta"S daughter use my Spotify account.




Should you give your kids access to Spotify?

1. At one time my 2. In December 2013
listening habits were two things
"pure” happened...

Cumulative listens to tunes over time
(hover or click a mark for details)

900~
Select a time period
g0, May 2011 May 2014
[I— — )
700~
By May 12, 2014 I had lis-
500 tened to Frozen 872 times.

500

400~

Cumulative listens

300~

200~

100

1
Oct 3,11 Aprz 12 Octl, 12 Aprl 13 Sep 30,13 Mar3l 14
Week of Time




 tabsoft.co clicks | tabsoft.co link history |

Which tabsoft.co links are Rocket Ships?

Each line represents one tahsoft.co link.
The line shows cumulative number of
clicks since it was first shared.

Since when?
August 1, 2014 September 30, 2014
Is Paid

O (an
(® Organic
() Paid

The Tableau Zen Masters 2014/15
| Tableau Software

936

Hover over a line to see details

Cumulative clicks

1000
Time since link first used




Build from
the familiar

- D1 - Results and Table >
gﬁt English Premier League - Results and Table
LEAGLIE

Season [ 20102011 = | Sortby [ Paints - |
Matchday O < Table Type | Al - |
Aston Villa Liverpocl 1 0
Bolton Wanderers Manchester City 0 2
Everton Chelsea 1 0
Fulham Arsenal 2 2
Manchester United Blackpool 4 2
Mewcastle United ‘West Bromwich Albion 3 3
Stoke City Wigan Athletic 1] 1
Tottenham Hotspur Birmingham City 2 1
West Ham United Sunderland 0 3
Wolverhampton Blackbum Rovers 2 3

PW D L G GA GD PM PH PA

1 Manchester United 8 23 1 4 7B 37T 41 21 55 25
2 Chelsea M1 M ] 9 6% 33 38 19 45 2%
3 Manchester City 1 3 9 60 33 2T 19 43 28
4 Arzenal 68 19 11 8 2 43 29 18 37 K|
5 Totienham Hotspur 62 16 14 g 55 48 9 18 36 26
6 Liverpool 58 17 7 14 58 4 15 15 40 18
T Everton 54 13 15 10 51 45 6 14 34 20
8 Fulham 49 11 16 11 43 43 6 13 3 18
9  Aston Villa 48 2 2 14 48 58 -1 13 03 17
10 Sunderland 47 12 1 15 45 56 -1 12 28 21
11 West Bromwich Albion 47 12 1 15 56 T -15 12 30 17
12 Mewcastle United 46 11 13 14 56 57 -1 12 26 20
13  Stoke City 46 13 7 18 46 48 2 12 312
14  Bolton Wanderers 45 12 10 16 52 56 4 12 35 11
15  Blackbum Rovers 43 11 0 17 46 59 -13 11 28 15
16 Wigan Afhlefic 42 9 15 14 40 61 -21 11 23 ]
7 Wolverhampton 40 1 7 2 46 66 -20 11 28 12
18  Birmingham City 39 & 15 15 37 58 -21 10 26 13
19 Blackpool 39 10 9 19 55 T -23 10 20 19
20 West Ham United 33 7 12 19 43 70 -27 0% 20 13

Goals

Goals per Match
Goals Home

Goals Home per Maich
Goals Away

Goals Way per Match
Home Wins

Away Wins

Draws

Matchday Total to Date

32 1,063
3z 28
15 817
15 16
17 445
17 1.2
4 179
4 a0
2 1m

PREMIER
LEAGUE



Build from
the familiar

PREMIER
LEAGUE

Season

Matchday

Team

PP reECEeOIET--GEES

D1-Re Table | D2 - Visualizations | D3 - The Race | >
English Premier League - Visualizations
[ 2010i2011 v | Sertby | Points - |
T A R Table Type | - |
Points Wins-Draws-Losses Goals & Goal Diffference
Manchester United [l 50 [ | [ ]
cheisea Il 71 [NENENEE I I
Manchester City [lll 71 [ NI [ [ ]
acenal [llc: NN BN |
Tottenham Hotspur [l 62 | |
PESTEE— B BN
Everton [ll5+ [ ]
Fuham [l 4° | [
astonvia [l 42 [ ] ]
swdertord [l 7 [ NN | NN
West Bromwich Albion [l 47 [N I |
Newcastle United [JJJ] 46 e I
stoke city [l 45 [ N
Bolton Wanderers [l 46 [ ]
Blackbumn Rovers [ 43 [ ] I | ]
wigan atnietic 142 [ I I
worerhampten [l140 | T | N
girmingham City [l 30 [ I I
Blackpool I3 | I
west Ham United ]33 [ I

Wins - Draws - Losses

Manchester United EEE I I b D
Chelsea [ &I N =N § N
Manchester City Il I b I BN BN R
Arsenal N B! H I
Tottenham Hotspur Il IIlN N N I | NN |
Liverpool AN N N N N |
Everton E I N Il H BN IS N
Fulham | N I § I I . H b EEE N
Aston Villa [ N EE N R B b BE |
Sunderiand || . F N B BN |
West Bromwich Albion [N I N I BN I B D e
Newcastle United Il N I | I I
Stoke City I D N N BN
Bolton Wanderers HE HIENINIDIN NN D
Blackbum Rovers [ (I N T TR ffnfsE . HE B
Wigan Athletic Il Il BN I I N EE =
Wolverhampton EEN B E EEEEE B EIE R
Birmingham City H IEE I I BN N o Em
Blackpool Il I I I I I =
West Ham United I E = Il Il I D .
. Win Draw . Loss


http://www.clearlyandsimply.com/clearly_and_simply/2011/07/premier-league-historical-statistics.html

Build from
the familiar

-
PEE:HIH'c
LEACUE
Season [ 2010/2011 = | Matchday
Arsenal
Aston Villa

Birmingham City
Blackbum Rovers
Blackpool
Bolton Wanderers
Chelsea
Everton
Fulham
Liverpool
Manchester City
Manchester United
Mewcastle United
Stoke City
Sunderland
Tottenham Hotspur
West Brommwich Albion
West Ham United
Wigan Afhletic
Wolverhampton
Chelsea
Arsenal
Manchester United
Manchester City
Tottenham Hotspur
West Bromwich Albion
Newcastle United
Ewverton
Blackpool
Fulham
Bolton Wanderers
Sunderland
Liverpool
Aston Villa
Birmingham City
Stoke City
Wigan Athletic
Blackbum Rovers

Wolverhampton
West Ham United

Rank changes 4 Up
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D3 - The Race

¥ Down

English Premier League - Race over time
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http://www.clearlyandsimply.com/clearly_and_simply/2011/07/premier-league-historical-statistics.html

Build from
the familiar

D3-The Race >

@ﬁ English Premier League - Race over time

sesson [z0i02011 v Matenday 0<

Arsenal
Aston Villa
Birmingham City
Blackbum Rovers
Blackpool
Bolton VWanderers
Chelsea
Everton
Fulham
Liverpool
Manchester City
Manchester United
MNewcastle United
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Sunderland
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West Ham United
Wigan Athletic
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Manchester City
Arsenal
Tottenham Hotspur
Liverpool
Everton
Fulham
Aston Villa
Sunderland
West Bromwich Albion
MNewcastle United
Stoke City
Bolton Wanderers
Blackbum Rovers
‘Wigan Athletic
Wolverhampton
Birmingham City

Blackpool
West Ham United

Rank changes 4 Up
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http://www.clearlyandsimply.com/clearly_and_simply/2011/07/premier-league-historical-statistics.html

Marketing: Marketing Impact

I Key rmance Metrics

7,841 Total Leads 149,132

800 Total Opportunities 4,710
§ 500 Total Closed Won A
o
= 400
I Avg Lead to Opp (days) 42.0

200 Average = 157 ,{f

0 Avg Opp to Closed Won (days) 146.7

2011 2012 2013 2014
Month of Lead Create Date

I Lead Quality %

5.26%

I Marketing Sourced Revenue

$32,951,324

I Top 10 Contributing Lead Sources

parter | < 55120
inbounc | 501755
self Generated | NNENEGEGEGEGEEEEEEEE ;- 557 434
Pay Per Lead _ 52,887,155
Website _ 51,312,580
Webinar _ 51,266,739

Event 51,008,796
Search Engine Marketing [ 5753.829
List 5506,683
web [ 5504502
S0 52,000,000

£4,000,000 $6,000.000

Revenus =

£8,000,000 $10,000,000

MATTER

S/4/2010 12:00:00 AM [ kﬁJ D TITI2014 11:59:59 PM

I Marketing Lead Funnel

-150K -100K -50K 0K 50K 100K 150K

Lead
ead

136,992

100.00%
MaL
Opportunity
Closed Won

-150K -100K -50K oK 50K 100K 150K

Mo. of Records

I Distribution: MQL Converted Age by MQL Opportunity Age

1000
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Add CO nt \ Premier League clubs spent a record £835M on transfers

4 in the summer window

Source: The Guardian

iU spent more Only 3 of 20 clubs Overseas clubs are Manchester United PL spending was

1 the bottom 11 earned a profit this profiting from BPL alone spent more more than the GDP
t he QO ry I I spending than all of Ligue 1 of 14 countries

Countries with a 2013 GDP < $1B
Gambia, The 5014M
Guinea-Bissau S830M
Vanuatu §8353M
Grenada §834M
St. Kitts and Nevis $743M
5t. Vincent and the Grenadines $726M
Samoa $604M
Comoros 65T
Donunica $305M
Tonga 4660
Micronesia, Fed. Sts. 335N
Sao Tome and Principe $311M
Palau $247TM
Marshall Islands S175M
Kinbati §169M

Tuvalu §38M
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Balance depth with big picture

Olympic Athletes Stats - Median Age
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Balance depth with big picture

Olympic Athletes Stats - Median Age
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Balance depth with big picture
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Balance depth with big picture
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Let you
find your
own story

Explore Greater Manchester's Most Expensive Neighbourhoods

The most expensive Greater
Manchester property sales are listed
below. Explore in further detail by
clicking on the map to see sales for a
specific district.

& b

pL
4

) Use the drop down menus below to
)-' 7 investigate different years and
8 categories.

Click on a property sale in the bar
chari to see a bird's eye view of its
neighbourhood.

Average price

If a district is not mapped, it means
that no sales of the selected

199 661 437 464 categories occurred during that year

© OpenSireetMap contributors
Year Property type Established or newly built

2014 v Detached v | | Established residential building v

Most expensive sales
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SOUTH DOWNS DRIVE 2700000 [
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PARK ROAD 1,480,000 |

CARRWOOD 1410000 [

BELFIELD ROAD 1075500 |
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39 High EIm Rd
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Directions Search nearby more~

Data produced by Land Registry ©® Crown copyright 2013. This data covers the transactions received at Land Registry in
the period 3 Jan 1995 to 30 Apr 2014
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Let you
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own story

Explore Greater Manchester's Most Expensive Neighbourhoods

+ The most expensive Greater
Manchester property sales are listed

@ below. Explore in further detail by
- clicking on the map to see sales for a
specific district.

Use the drop down menus below to
investigate different years and
categories.
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Provide a guided narrative

Les accidents de la route en France métropolitaine en 2012.

1. Les accidentsde la 2. ..font au total plus 3. Qu'en est-il des 2 4. Quels types de 5. Les vacances 6. Quel moment de la
route en France de 3000 morts ! roues a Paris ? choc sont les plus sont-elles moins journee est le plus >
meétropolitaine... frequents ? dangereuses ? dangereux ?
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http://www.altic.org/altic-blog-buzz/le-labo/dataviz

Provide a guided narrative

Les accidents de la route en France métropolitaine en 2012.

1. Les accidents de la 2. ._font au total plus 3. Qu'en est-il des 2 4. Quels types de 5. Les vacances 6. Quel moment de la
route en France de 3000 morts ! roues a Paris ? choc sont les plus sont-elles moins journée est le plus
métropolitaine... fréquents ? dangereuses ? dangereux ?
= " Région
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Provide a guided narrative

Les accidents de la route en France métropolitaine en 2012.

1. Les accidents dela 2. ._font au total plus 3. Qu'en est-il des 2 4. Quels types de 5. Les vacances 6. Quel moment de la
route en France de 3000 morts ! roues a Paris ? choc sont les plus sont-elles moins journée est le plus
meétropolitaine... frequents ? dangereuses ? dangereux ?
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Provide a guided narrative

Les accidents de la route en France métropolitaine en 2012.

1. Les accidentsde la 2. ._font au total plus 3. Qu'en est-il des 2 4. Quels types de 5. Les vacances 6. Quel moment de la
route en France de 3000 morts ! roues a Paris ? choc sont les plus sont-elles moins journée est le plus
metropolitaine. .. frequents ? dangereuses ? dangereux ?

La majorité des chocs se produisent a I'avant des
€hicules...

I Cliquez sur une partie du véhicule
pour filtrer les autres graphiques.
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Provide a guided narrative

Les accidents de la route en France métropolitaine en 2012.

1. Les accidents dela 2. . font au total plus 3. Qu'en est-il des 2 4 Quels types de 5. Les vacances 6. Quel moment de la
route en France de 3000 morts ! roues a Paris ? choc sont les plus sont-elles moins journée est le plus
métropolitaine. .. fréquents ? dangereuses ? dangereux ?
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The Full Student Life-Cycle

Engagement avtivity
trends for all online

interactions

Assessing the quality
of prospective
students by lead

Track enrollment
based on 3 seperate
metrics

Overview of student
performance

Alumni location and
college attendence
based on survey

University of Lake Wobegon: Admission Activity Trends

Alumni donation
patterns over a 4
year span
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Hnally, take the 5-second ted.
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website of the "Bigfoot Field Re-

searchers Organization” (BFRO).
fields are often used arbitrarily

by submitters.
BFRO does the “Finding Bigfoot”

nately the BFRO data submission
Animal Planet TV show.

Data gathered from the official
The data was attempted to be
scrubbed and cleaned to attain
some type of normalcy, unfortu-
process has no validation and

Finding Bigfoot

Click on ANY element of the visualization (location, season, year, detail field) in order to filter by that item.

Select the element AGAIN to go back to the full view.
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Best Practices

* Pick your metrics wisely

« Get started. You get better over time
« Be visual to increase comprehension
« Keep it simple

« Think in terms of stories



Sharing & Data Story Telling

« Use familiar elements (maps, time, pictures)
« Use Interactivity

* Build from the familiar

« Add context

« Balance depth with the big picture

* Let you find your own story

* Provide a guided narrative

e 5-second test



ldeas for Next Steps

« Assess your data competency

« Team discovery and self-reliance test
e Just get started

« Test everything

* Promote your work
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